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The pandemic forced both organizations and consumers to make many adjustments to their daily lives. However, due the
technological advances that have been seen in recent years, some tools have become much more widely used. Among
them are the food delivery applications (FDASs) that experienced an exponential growth during the pandemic. During the
COVID-19 pandemic, the use of food delivery applications (FDAs) has not only met the requirements of businesses but
also the demands of customers for convenient food supplies and personal safety concerns since these applications allow
customers to effectively and easily order and access their food from several restaurants at convenient times and locations
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| 1. Introduction

The recent pandemic (COVID-19) erupted as a severe infectious disease in late 2019, progressively expanding to rapidly
assume a worldwide expansion . Several innovative measures have been presented and proposed to mitigate the
situation, such as the use of a protective mask, social distancing and self-isolation, among others, all of them strongly
recommended by the World Health Organization @ and aimed at reducing the risk of disease transmission LBl Given this
situation, fewer consumers intend to use many services, such as the traditional restaurant industry, which suffered and
suffers dramatically during this pandemic 4!,

The negative influence of COVID-19 on supply and demand in the restaurant industry changed people’s consumption
habits and accelerated the transformation of restaurant companies from traditional service to online services, to seek to
survive the pandemic situation MI& |t is in this process that technology, based on a well-known growth of wireless
communication technologies and high internet penetration rates, is seen by food service businesses as an important
resource for innovation and competitiveness !,

The rise of digital technologies has led to a reshaping of markets, and the convenience of being able to order food more
easily, with vast options to choose from, has enabled consumers to shift to on-demand shopping through websites or apps
[, In 2019, online food delivery services reached a value of USD 107.4 billion worldwide and are expected to be worth
USD 182.3 billion by 2024 8. Food delivery services through online apps have become a global trend &. This type of
application is among the fastest growing sectors of mobile applications [&.

During the COVID-19 pandemic, the use of food delivery applications (FDAs) has not only met the requirements of
businesses but also the demands of customers for convenient food supplies and personal safety concerns since these
applications allow customers to effectively and easily order and access their food from several restaurants at convenient
times and locations 1. Consequently, the factors that have motivated users to use these same applications continuously
during this pandemic situation are essential to understanding online food delivery purchasing behavior and decision-
making processes regarding FDA services.

Several theoretical perspectives have been applied to understand the usage behavior of a new technology and research
focused on technology acceptance has been reported in the past two decades 1. Among these, TAM (technology
acceptance model) suggested by Davis 22, and TR (technology readiness) suggested by Parasuraman 22! have been
popular models, used to study the factors that contribute to the acceptance of a new technology 4. Perceived ease of
use and perceived usefulness are considered the most important constructs of TAM 12 since users’ acceptance or
rejection of a technology is mainly influenced by them 2. However, these two constructs are both affected by external
variables. Therefore, to better explain users’ technology adoption and continued usage of a technology (FDA in
researchers' study) it is important to understand the antecedents of perceived usefulness and perceived ease of use. TR
has been recognized as an important antecedent of TAM constructs (e.g., X817 TRAM (technology readiness and
acceptance model), suggested by Lin et al. 7, is an extended model that combines TAM and TR. Despite the recognized



importance of TR as an antecedent of TAM, the application of TRAM to explain the adoption and post-adoption of
technologies in the mobile applications arena has been scarce. Some exceptions are the study of Aboelmaged et al. 28] jn
the context of mobile apps’ use for wellness and fitness applications, Ferreira et al. 12 in the context of mobile self-
scanning applications, Jin (2020) in the context of brand applications, and Chiu and Cho % in the context of health and
fithess applications. To the best of researchers' knowledge, no study has applied TRAM in the context of FDAs.

Concurrently, active customer participation is an essential attribute of service in an e-service context and a crucial element
for open innovation [, Thus, the implementation of TAMs in service contexts cannot be dissociated from high customer
involvement to explain consumer adoption of technology 22, It is therefore important to identify and qualify the
psychological processes of perceived value of a technology and structure a model that incorporates individual difference
variables such as technological readiness, self-efficacy, and perceived threat.

The health belief model (HBM) is used to directly explain perceived usefulness and indirectly the continued use of apps
23] from the individual perspective. HBM is used to predict health behavior more generally 24, The basic assumption of
HBM is that individuals will have a preventive attitude towards their health if they feel vulnerable to illness 22, Wahyuni
and Nurbojatmiko 28 in their study show that individuals’ concerns about their own health also influence their intentions to
use e-services.

| 2. Food Delivery Apps (FDAS)

Among the most popular mobile applications that have been recently developed by service organizations/companies are
mobile food ordering applications 1. These can be defined as mobile applications that smartphone users download and
use as an innovative and convenient channel to access restaurants, view food menus, place orders, and make payments
without any physical interaction with restaurant staff 227, Technology has helped and driven food service businesses to
keep up with the changes in the industry . Smartphones allow for real-time connection/connectivity with mobile
applications, and have greatly increased the popularity of food delivery applications, which has also led to much greater
competition in these markets 28, Mobile applications are seen as an additional means by companies to attract new
customers and to influence the existing ones to continue and increase their loyalty 2. The increasing use of smartphones
has also led to many changes in people’s dining cultures and food delivery apps are among the most innovative changes
in the contemporary restaurant market 29. During the pandemic, many traditional food delivery services switched
platforms and new companies entered the business and began using FDAs to maintain themselves or utilize the
opportunity to transition to the digital platform 3.

| 3. Health Belief Model (HBM)

The HBM was initially developed by Hochbaum B4 to help predict individuals’ behavioral reactions to disease. This model
is one of the most notable public health frameworks for understanding why individuals may or may not act upon a threat to
either their personal or community health B2, Like many public health behavior models, this model conceptualizes the
determinants of behavior B3, According to the HBM, the dimensions of perceived susceptibility, perceived severity,
perceived benefits, perceived barriers, action cues, and self-efficacy can be used to explain whether a person takes action
to prevent, track, or improve their health behaviors 425 Beliefs are influenced by each person’s background and
comprise their impression of perceived threat, perceived benefits and barriers to taking action, and their perceived ability
to take action (i.e., perceived self-efficacy) [28l. Additionally, according to the HBM, the perception of the threat of disease
is measured by the perception of susceptibility and severity; the perception of benefits and the perception of barriers,
together with the perception of self-efficacy, promote the development of health behaviors among the population affected
by a given disease 7. The perception of susceptibility refers to the beliefs of being vulnerable to the disease, while the
perception of severity refers to beliefs concerning the negative effects of disease contraction, i.e., the severity of the risk
(28] The perception of benefits refers to the existence of a way to reduce the incidence or severity of the disease, while the
perception of barriers refers to the higher costs versus the benefits of the action 2.

The two dimensions of perceived threat, perceived susceptibility and perceived severity 44, have been widely adopted to
explain different behaviors such as technology adoption (e.g., BUE2E3) fear of travel (e.g., 24), organic food choices 43,
among others. Recent studies also adopted these dimensions to explain customer intention to use online food delivery
services during COVID-19 48147,



3.1. Perceived Threat

Perceived threat has been recognized as a core component to understand a variety of preventive health behaviors, such
as those related to COVID-19 ¥4, The two dimensions of perceived threat (perceived severity and perceived
susceptibility) are also among the various measurements that have been widely used to determine people’s perceptions
of a disease 8. The perception of susceptibility refers to the belief of being vulnerable to the disease, while the
perception of severity refers to belief concerning the negative effects of disease contraction, i.e., the severity of the risk
(28] According to the HBM, an individual is considered more likely to take appropriate action if the perceived threat of
disease is high. In turn, the perceived threat will be higher if the perceived severity is higher—that is, the disease is
considered to be a serious problem.

3.2. Perceived Self-Efficacy

Perceived self-efficacy can be defined as the belief that one has the ability to overcome a given challenge 31,

In the health management literature, self-efficacy can be seen as a significant determinant of preventive health behaviors
(48] venkatesh et al. 11 explain self-efficacy as the ability of individuals to perform a given task. In the context of
technology adoption, self-efficacy thus refers to users’ confidence in their ability to use a technology and serves as a
determinant of perceived ease of use I, Perceived self-efficacy is considered to be an important precursor to the
adoption of new technologies ¥, being especially relevant in the use of mobile devices and, although they offer
advantages, they also increase challenges, compared to computers. Contemporary studies have shown that self-efficacy
affects behavioral intention to adopt apps, e-government system, and e-portfolios, among other things, both directly and
indirectly (2259)). |n the present study self-efficacy was analyzed in relation to technology adoption, and not integrated
into the HBM.

| 4. Models Related to Technology Acceptance
4.1. TAM

The literature has used several theoretical frameworks to explain the adoption and use of technologies. The technology
acceptance model (TAM), developed by Davis 22, is now one of the most widely used models to explain the acceptance
of new technologies [, and is recognized as a valid and robust model 2, TAM suggests that when a user encounters a
new technology, there are several factors that affect how they accept and use it, and it has been used in both consumer
and organizational contexts to explain the factors that affect the acceptance of a particular technology B3l. TAM has also
been widely applied to examine individual technology adoption behaviors across different populations and types of
innovative technologies B4, such as e-portfolios 19, and m-commerce 221, among others. This is also useful in explaining
what influences an individual's intention to use mobile technologies B8 and smartphones [22. Fishbein and Ajzen B2
suggest that behavior can be predicted based on the intention to perform it and that this intention is driven, in part, by
attitudes toward it. Some studies applied TAM to examine individuals’ usage and behavior in the context of applications
(e.g., B8, These studies demonstrated that TAM was an appropriate theoretical framework to explain individuals’
intentions to use apps.

Among the wide adoption in all fields of technology acceptance studies, TAM 12 has also been used to predict
consumers’ acceptance of technology in relation to health (52)). According to TAM, perceived usefulness and perceived
ease of use are the two main determinants of technology use €%, While TAM has proven useful 81, additional constructs
believed to have enhanced TAM have resulted in a variety of extended models, such as TAM2 and TAM3 (11162] |t s also
important to note that while TAM is instrumental in the initial acceptance of the new technology, more and more
researchers have emphasized that the success of the new technology should not be limited to that same initial
acceptance, but supported by continued use 3. For example, Bhattacherjee 84 suggests continuance intention as a
variable of technology acceptance, and thus, in order to include continuance intention, research on technology
acceptance has been expanded.

4.2. TRAM

Several studies have applied the technology acceptance model (TAM) as a theoretical basis to analyze individuals’
intentions to use applications (e.g., 2258). However, some have argued that this model may not be sufficient to explain
individuals’ technology adoption behavior, as the main variables of TAM measure utilitarian aspects of technology use,
i.e., ease of use and usefulness (e.g., 7). Thus, several authors suggest an integration of additional factors in order to



extend TAM to better explain individuals’ psychological processes in their behavior regarding technology adoption (e.g.,
[ﬂ][&]).

TRAM combines the general personality constructs of TR with the specific model of TAM, thus determining how
individuals’ technology-related beliefs may affect their perceptions of interacting with, experiencing, and using new
technologies 8. The integration of TR and TAM can provide a deeper understanding of the psychological process
involved in application adoption behavior 29, Since Lin et al. 4 introduced TRAM, several researchers have conducted
studies to examine users’ technology adoption behavior in a wide range of settings, such as m-services 82 and mobile
self-scanning applications 19,

4.3. Technology Readiness (TR)

Technology readiness (TR) was defined by Parasuraman (2], p. 308) as being “the propensity of people to embrace and
use new technologies to achieve goals in home life and work”. The same author argues that technology readiness is
divided into four components. The first two are related to positive feelings, i.e., optimism (belief that technology will bring
efficiency, control, benefits, and flexibility) and innovation (being a pioneer in testing innovative technology-based services
or products). The other two are related to negative feelings, i.e., discomfort (reflects the individual's perception of lack of
control and confidence in using the technology) and insecurity (fear that the technology-based service, product or process
may not work in an accurate and reliable way).

The four dimensions of TR are independent of each other and are associated with an individual’'s behavioral disposition
and general thoughts and feelings toward technology €&, TR can be considered as an overall state of mind arising from
mental and inhibiting factors that jointly determine a person’s tendency to use new technologies [€7. If an individual has a
higher level of TR then their rate of adoption of new technologies is higher. In addition, the individual exhibits more
intensive use of technology and greater ease in using it [68],

4.4, Continuance Intention

The number of studies on the intention to continue using information systems (IS) has grown rapidly in recent years and
now covers several contexts such as the intention to continue in m-services, in applications, and in m-commerce, among
others 9, Although most of the previous research on these systems is strongly focused on the initial acceptance, it is
now sought to investigate the direct effects on the continuity intention of mobile applications, since it is considered
essential for the long-term viability of an IS 641,

Kim and Kang 9 argue that ongoing IS usage may specifically reflect users’ behavioral patterns toward a target 1S/m-
service. Bhattacherjee et al. 84 also indicate that while the initial adoption of an IS/IT is an important advance for IS/IT
success, users’ continued use, rather than initial acceptance, is the determining factor of the long-term sustainability and
ultimate success of IS/IT. It becomes evident that the intention of continued use is strongly associated with user behaviors
(i.e., a behavior that an individual can decide whether to perform or not) [, Bhattacherjee 22 was one of the first
researchers to distinguish between technology acceptance and continuance of use behavior. Bhattacherjee 2 further
defines continuance intention to use as an individual’s intention to continue to use an information system. In their literature
review, Nabavi et al. /3] also described it as a user’s decision to continue using a specific IT that an individual has already
used.

Designing strategies to continuously attract the user is one of the most critical phenomena in the IT world (24, Similarly,
other authors have postulated that continuous usage is more important than initial usage, as it is argued that the cost to
develop a new customer can be up to five times more than the cost to maintain an existing customer (e.g., [Z2).

| 5. Proposed Model and Development of Hypotheses

Due to COVID-19, people believe that their health is at risk and thus may formulate a higher perception of usefulness
regarding applications, to prevent and thus reduce the likelihood of COVID-19 infection 41, The adoption of technology
was considered as a behavior to promote, protect, or maintain one's own health (22, Therefore, this technology adoption
can be explained by the HBM, since it suggests that people’s beliefs about health problems, perceived benefits, and
perceived barriers to action, as well as self-efficacy, explain the involvement or lack thereof in health promotion behavior
by individuals B4, The perception of health threat refers to people’s awareness and care, as well as the potential
consequences. Previous studies developed in the health care context found contradictory results regarding the influence
of perceived threat, which involves perceived susceptibility and severity, on perceived usefulness. For example, Dou et al.
[78] found a strong relationship between perceived threat and perceived usefulness while Kim and Park €2 found lack of a



significant relationship. However, more recent studies developed in the context of COVID-19 found a positive significant

effect of perceived susceptibility and severity on perceived usefulness of mobile-based payments 41 and e-wallet systems
142]

Technological self-efficacy is the personal belief that a person has the adequate and accurate skills and abilities to
succeed when dealing with a technology-related task 4. Based on Luarn and Lin’s 8] study on mobile services, the
current research focuses on whether individuals believe that they have the necessary knowledge, skills or ability to use
food delivery applications (FDAs). Thus, perceived self-efficacy is defined as the judgment of one’s ability to use food
delivery applications. Self-efficacy has been adapted for the purpose of being incorporated into technology adoption
models (e.g., 124 This implies that consumers of mobile services are more likely to pursue activities within their
perceived areas of competence, self-efficacy being an important factor in understanding individual responses to new
technologies Z¥, This variable has figured in studies developed in different contexts such as e-shopping B9, mobile
banking 29, use of e-portfolios 2, food delivery services 48l use of electronic wallets 2, and mHealth services 44,

among others.

Self-efficacy plays an important role in the context of technology and IS use (Ahmed et al. 2010) and internet self-efficacy
(ISE) in the context of internet technology 4. Self-efficacy affects user behavior towards using a technology, as individuals
with high levels of self-efficacy will be confident in their capability to overcome any difficulties when using the technology
(151, Regarding computer usage, “the higher the individual's computer self-efficacy, the higher his/her use of computers”
(B2 p. 196). A sense of self-efficacy may increase the likelihood that users will evaluate the technology as easy to use
l8] previous studies developed in different contexts such as mobile commerce, mobile banking, e-portfolios, smartphone
health apps, among others, associate higher levels of self-efficacy and perceived ease of use (e.g., 42IZ1IZ8N,

Regarding the relationship between self-efficacy and perceived usefulness, the literature presents more contradictory
results. Although some studies have found a non-significant effect between these two variables (e.g., ) or a negative
significant effect (e.g., 22l), several studies in fact found a positive significant effect (e.g., 426V A recent study
developed in the context of mobile technologies’ usage, more specifically, the usage of mobile wallets while dining out in a
restaurant, also found a strong association between mobile self-efficacy and mobile usefulness and ease of use 1],

There are few studies assessing the link between TR and TAM, compared to the number of studies applying the TAM
model. A high TR may result from previous experience with the same technology which, in turn, may increase ease of use
and perceived usefulness 82, |t is expected that technology readiness has a direct positive effect on perceived
usefulness, since individuals with higher innovativeness and higher optimism towards technological innovations should be
more able to see the utility related to their adoption 4. Previous studies that linked technology readiness to TAM
constructs in various technology adoption contexts, for example self-service technologies [ online stock trading
systems 17, mobile self-scanning applications 2, and m-commerce B4, among others, found a positive and significant
relationship between it and perceived usefulness and perceived ease of use. Moreover, Jin 2 also confirmed a positive
and a negative effect of positive technology readiness and negative technology readiness, respectively, on perceived
usefulness and perceived ease of use.

Previous studies have also linked technology readiness to users’ behavioral intentions in various technology adoption
contexts such as self-service technologies & online stock trading systems 2 and self-checkout services using
smartphones 87, among others. Regarding the relationship between these two variables, the literature reports several
results. Some studies found a positive direct effect (e.g., B8, others support indirect effects through other variables such
as perceived usefulness and ease of use 14, and others indicated lack of significant relationship (e.g., 7). Blut and Wang
(28] jn their meta-analysis about TR constructs and its impact on technology usage found an indirect effect of technology
readiness on usage intention via TAM mediators (ease of use and usefulness).

TAM is a representative model used to explain and predict individuals’ adoption of information technology. Several studies
have used this model as well its extensions to explain the process of information technology acceptance, such as studies
of e-service, service mobile apps, information technology systems, and internet-based services, among others (e.g., 1115
(18l further indicating that behavioral intentions to use a given technology are determined, in part, by users’ perceived
ease of use (PEOU) and perceived usefulness (PU). According to TAM, PEOU is a determinant of PU 112 when
individuals have perceived ease of use of technology, they are more likely to believe that the technology is useful and
helpful for a specific purpose. Venkatesh (11, p. 343) stated that “the easier a technology is to use, the more useful it may
be”. Once individuals perceive ease in using a technology and it has perceived usefulness, individuals will adopt and
accept it for a specific purpose 29,



The literature further indicates that PEOU and PU appear to be particularly vital measures of users’ intention to use a
particular system 2. A great deal of research on TAM demonstrates that these two factors have a joint impact on the use
and acceptance of a wide variety of technologies (e.g., B2I88]). Users will always want to continue using a particular
application that can help them improve their productivity 4121,

Users need to feel that a particular application (e.g., FDAS) is easy enough to use to motivate them to use it 28l The
theory of reasoned action (TRA) 224, a theory that gave rise to the development of TAM by 12 states that perceived
usefulness and perceived ease of use can influence user’s attitudes and intention to use. Thus, PEOU and PU are
expected to be positively related to the intention to continue using applications. Moreover, a recent study developed in the
context of online food delivery services confirms a strong positive effect of both perceived ease of use and usefulness on
continuance intention 48,

According to TAM, perceived ease of use is hypothesized to be a determinant of perceived usefulness. Several empirical
studies have also supported this relationship for a wide variety of technologies (e.g., 1238, A recent study developed by
Roh and Park [88] in the context of 020 food delivery services also found a strong effect of perceived ease of use on
usefulness. When an individual realizes that few resources are needed to learn a new mobile technology, he/she may
perceive the technology as being useful, which leads to its continued use.

Figure 1 presents the conceptual and hypotheses.
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Figure 1. Conceptual model and hypotheses.

References

1. Tang, B.; Bragazzi, N.L.; Li, Q.; Tang, S.; Xiao, Y.; Wu, J. An updated estimation of the risk of transmission of the novel
coronavirus (2019-nCov). Infect. Dis. Model. 2020, 5, 248-255.

2. WHO. Coronavirus Disease (COVID-19) Advice for the Public. Available online:
https://www.who.int/emergencies/diseases/novel-coronavirus-2019/advice-for-public (accessed on 14 March 2021).

3. Wilder-Smith, A.; Freedman, D.O. Isolation, quarantine, social distancing and community containment: Pivotal role for
old-style public health measures in the novel coronavirus (2019-nCoV) outbreak. J. Travel Med. 2020, 1-4.

4. Zhao, Y.; Bacao, F. What factors determining customer continuingly using food delivery apps during 2019 novel
coronavirus pandemic period? Int. J. Hosp. Manag. 2020, 91, 102683.

5. Kumar, S.; Shah, A. Revisiting food delivery apps during COVID-19 pandemic? Investigating the role of emotions. J.
Retail. Consum. Serv. 2021, 62, 102595.

6. Bickerton, P.; 7 Technologies That Are Transforming the Hospitality Industry. Hospitality Magazine. 2015. Available
online: https://bit.ly/1CPQsc6 (accessed on 8 September 2019).

7. Hirschberg, C.; Rajko, A.; Schumacher, T.; Wrulich, M. The Changing Market for Food Delivery|McKinsey. 2016.
Available online: https://www.mckinsey.com/industries/high-tech/our-insights/the-changing-market-for-food-deliver
(accessed on 5 April 2022).



10.

11.

12.

13.

14.

15.

16.

17.

18.

19.

20.

21.

22.

23.

24.

25.

26.

27.

28.

29.

30.

31.

. Statistia. eServices Report 2019—Online Food Delivery. 2020a. Available online:

https://www.statista.com/study/40457/food-delivery/ (accessed on 5 April 2022).

. Muangmee, C.; Kot, S.; Meekaewkunchorn, N.; Kassakorn, N.; Khalid, B. Factors determining the behavioral intention

of using food delivery apps during covid-19 pandemics. J. Theor. Appl. Electron. Commer. Res. 2021, 16, 1297-1310.

Alalwan, A.A. Mobile food ordering apps: An empirical study of the factors affecting customer e-satisfaction and
continued intention to reuse. Int. J. Inf. Manag. 2020, 50, 28—-44.

Venkatesh, V.; Davis, F.D. A Theoretical Extension of the Technology Acceptance Model: Four Longitudinal Field
Studies. Manag. Sci. 2000, 46, 186—204.

Davis, F.D. Perceived Usefulness, Perceived Ease of Use, and User Acceptance of Information Technology. MIS Q.
1989, 13, 319-340.

Parasuraman, A. Technology Readiness Index (TRI) a multiple-item scale to measure readiness to embrace new
technologies. J. Serv. Res. 2000, 2, 307-320.

Chen, M.-F,; Lin, N.-P. Incorporation of health consciousness into the technology readiness and acceptance model to
predict app download and usage intentions. Internet Res. 2018, 28, 351-373.

Abdullah, F.; Ward, R.; Ahmed, E. Investigating the influence of the most commonly used external variables of TAM on
students’ Perceived Ease of Use (PEOU) and Perceived Usefulness (PU) of e-portfolios. Comput. Hum. Behav. 2016,
63, 75-90.

Blut, M.; Wang, C. Technology readiness: A meta-analysis of conceptualizations of the construct and its impact on
technology usage. J. Acad. Mark. Sci. 2019, 48, 649-669.

Lin, C.H.; Shih, H.Y.; Sher, P.J. Integrating technology readiness into technology acceptance: The TRAM model.
Psychol. Mark. 2007, 24, 641-657.

Aboelmaged, M.; Ali, I.; Hashem, G. Mobile apps use for wellness and fithess and university students’ subjective
wellbeing. Inf. Dev. 2021, 1-16.

Ferreira, A.; Silva, G.M.; Dias, A.L. Determinants of continuance intention to use mobile self-scanning applications in
retail. Int. J. Qual. Reliab. Manag. 2021; ahead-of-print.

Chiu, W.; Cho, H. The role of technology readiness in individuals’ intention to use health and fitness applications: A
comparison between users and non-users. Asia Pac. J. Mark. Logist. 2021, 33, 807—825.

Pinheiro, J.; Lages, L.F.; Silva, G.M.; Dias, A.; Preto, M.T. Effects of Absorptive Capacity and Innovation Spillover on
Manufacturing Flexibility. Int. J. Prod. Perf. Mngt. 2022, 71, 1786-1809.

Park, Y.; Chen, J.V. Acceptance and adoption of the innovative use of smartphone. Ind. Manag. Data Syst. 2007, 107,
1349-1365.

Liu, C.F,; Tsai, Y.C.; Jang, F.L. Patients’ acceptance towards a web-based personal health record system: An empirical
study in Taiwan. Int. J. Environ. Res. Public Health 2013, 10, 5191-5208.

Mead, N.; Varnam, R.; Rogers, A.; Roland, M. What predicts patients’ interest in the internet as a health resource in
primary care in England? J. Health Serv. Res. Policy 2003, 8, 33-39.

Lemire, M.; Paré, G.; Sicotte, C.; Harvey, C. Determinants of Internet use as a preferred source of information on
personal health. Int. J. Med. Inform. 2008, 77, 723-734.

Wahyuni, R. Nurbojatmik. Explaining acceptance of e-health services: An extension of TAM and health belief model
approach. In Proceedings of the 2017 5th International Conference on Cyber and IT Service Management, CITSM,
Denpasar, Bali, Indonesia, 8—10 August 2017.

Wang, Y.S.; Tseng, T.H.; Wang, W.T.; Shih, Y.W.; Chan, P.Y. Developing and validating a mobile catering app success
model. Int. J. Hosp. Manag. 2019, 77, 19-30.

Jeon, E.; Park, H.A. Factors affecting acceptance of smartphone application for management of obesity. Healthc.
Inform. Res. 2015, 21, 74-82.

Cho, M.; Bonn, M.A.; Li, J.J. Differences in perceptions about food delivery apps between single-person and multi-
person households. Int. J. Hosp. Manag. 2019, 77, 108-116.

Lattani. Food Delivery Platforms Revolutionizing the Market during COVID-19: Why is Regulation Lagging behind?
Available online: https://www.ifis.org/blog/food-delivery-platforms-covid-19 (accessed on 24 September 2020).

Hockbaum, G.M. Public Participation in 2 Edical Screening Programs; Department of Health, Education, and Welfare:
Washington, DC, USA, 1957.



32.

33.

34

35.

36.

37.
38.

39

40.

41.

42.

43.

44.

45

46.

47.

48.

49.

50.

51.
52.
53.

54.

55.

56.

Carpenter, C.J. A meta-analysis of the effectiveness of health belief model variables in predicting behavior. Health
Commun. 2010, 25, 661-669.

Sheppard, J.; Thomas, C.B. Community pharmacists and communication in the time of COVID-19: Applying the health
belief model. Res. Soc. Adm. Pharm. 2021, 17, 1984-1987.

. Janz, N.K.; Becker, M.H. The health belief model: A decade later. Health Educ. Q. 1984, 11, 1-47.

Luquis, R.R.; Kensinger, W.S. Applying the health belief model to assess prevention services among young adults. Int.
J. Health Promot. Educ. 2019, 57, 37-47.

Erku, D.A.; Belachew, S.A.; Abrha, S.; Sinnollareddy, M.; Thomas, J.; Steadman, K.J.; Tesfaye, W.H. When fear and
misinformation go viral: Pharmacists’ role in deterring medication misinformation during the ‘infodemic’ surrounding
COVID-19. Res. Soc. Adm. Pharm. 2021, 17, 1954-1963.

Becker, M.H.; Maiman, L.A. Strategies for enhancing patient compliance. J. Community Health 1980, 6, 113-135.

Wong, L.P.; Alias, H.; Wong, P.F.; Lee, H.Y.; AbuBakar, S. The use of the health belief model to assess predictors of
intent to receive the COVID-19 vaccine and willingness to pay. Hum. Vaccines Immunother. 2020, 16, 2204-2214.

. Shahnazi, H.; Ahmadi-Livani, M.; Pahlavanzadeh, B.; Rajabi, A.; Hamrah, M.S.; Charkazi, A. Assessing preventive

health behaviors from COVID-19: A cross sectional study with health belief model in Golestan Province, Northern of
Iran. Infect. Dis. Poverty 2020, 9, 1-9.

Champion, V.L.; Skinner, C.S. Health behavior and health education: Theory, research, and practice. Health Belief
Model 2008, 4, 45-65.

Sreelakshmi, C.C.; Prathap, S.K. Continuance adoption of mobile-based payments in Covid-19 context: An integrated
framework of health belief model and expectation confirmation model. Int. J. Pervasive Comput. Commun. 2020, 16,
1742-7371.

Aji, H.M.; Berakon, I.; Md Husin, M. COVID-19 and e-wallet usage intention: A multigroup analysis between Indonesia
and Malaysia. Cogent Bus. Manag. 2020, 7, 1804181.

Walrave, M.; Waeterloos, C.; Ponnet, K. Adoption of a contact tracing app for containing COVID-19: A health belief
model approach. JMIR Public Health Surveill. 2020, 6, e20572.

Zhang, J.X.; Zhang, H.; Ordofiez de Pablos, P.; Sun, Y. Challenges and foresights of global virtual worlds markets. J.
Glob. Inf. Technol. Manag. 2014, 17, 69-73.

. Scarpa, R.; Thiene, M. Organic food choices and Protection Motivation Theory: Addressing the psychological sources

of heterogeneity. Food Qual. Prefer. 2011, 22, 532-541.

Hong, S.; Kim, J.; Lee, H. Antecedents of use-continuance in information systems: Toward aninegrative view. J.
Comput. Inf. Syst. 2008, 48, 61-73.

Mehrolia, S.; Alagarsamy, S.; Solaikutty, V.M. Customers response to online food delivery services during COVID-19
outbreak using binary logistic regression. Int. J. Consum. Stud. 2021, 45, 396—408.

Stewart, J.E.; Wolfe, G.R.; Maeder, L.; Hartz, G.W. Changes in dental knowledge and self-efficacy scores following
interventions to change oral hygiene behavior. Patient Educ. Couns. 1996, 27, 269-277.

Compeau, D.; Higgins, C.A.; Huff, S. Social cognitive theory and individual reactions to computing technology: A
longitudinal study. MIS Q. 1999, 23, 145-158.

Fox, G.; Connolly, R. Mobile health technology adoption across generations: Narrowing the digital divide. Inf. Syst. J.
2018, 28, 995-1019.

Suh, B.; Han, I. Effect of trust on customer acceptance of Internet banking. Electron. Commer. Res. Appl. 2002, 1, 9.
King, W.R.; He, J. A meta-analysis of the technology acceptance model. Inf. Manag. 2006, 43, e740-e755.

Rezaei, S.; Shahijan, M.K.; Amin, M.; Ismail, W.K.W. Determinants of App Stores Continuance Behavior: A PLS Path
Modelling Approach. J. Internet Commer. 2016, 15, 408—-440.

Maranguni¢, N.; Grani¢, A. Technology acceptance model: A literature review from 1986 to 2013. Univers. Access Inf.
Soc. 2015, 14, 81-95.

Ghazali, E.M.; Mutum, D.S.; Chong, J.H.; Nguyen, B. Do consumers want mobile commerce? A closer look at M-
shopping and technology adoption in Malaysia. Asia Pac. J. Mark. Logist. 2018, 30, 1064—1086.

Lee, Y.K,; Park, J.H.; Chung, N.; Blakeney, A. A unified perspective on the factors influencing usage intention toward
mobile financial services. J. Bus. Res. 2012, 65, 1590-1599.



57.

58.

590.

60.

61.

62.

63.

64.

65.

66.

67.

68.

69.

70.

71.

72.

73.

74.

75.

76.

7.

78.

79.

80.

81.

Fishbein Mand Ajzen, |. Belief, Attitude, Intention, and Behavior: An Introduction to Theory and Research; Addison-
Wesley: Reading, MA, USA, 1975.

Byun, H.; Chiu, W.; Bae, J.S. Exploring the adoption of sports brand apps: An application of the modified technology
acceptance model. Int. J. Asian Bus. Inf. Manag. 2018, 9, 52—65.

Sun, Y.; Wang, N.; Guo, X.; Peng, J.Z. Understanding the acceptance of mobile health services: A comparison and
integration of alternative models. J. Electron. Commer. Res. 2013, 14, 183-200.

Kim, J.; Park, H.A. Development of a health information technology acceptance model using consumers’ health
behavior intention. J. Med. Internet Res. 2012, 14, 133.

Legris, P.; Ingham, J.; Collerette, P. Why do people use information technology? A critical review of the technology
acceptance model. Inf. Manag. 2003, 40, 191-204.

Venkatesh, V.; Bala, H. Technology Acceptance Model 3 and a Research Agenda on Interventions. Decis. Sci. 2008,
39, 273-315.

Joo, Y.J.; So, H.J.; Kim, N.H. Examination of relationships among students’ self-determination, technology acceptance,
satisfaction, and continuance intention to use K-MOOCs. Comput. Educ. 2018, 122, 260-272.

Bhattacherjee, A. An empirical analysis of the antecedents of electronic commerce service continuance. Decis. Support
Syst. 2001, 32, 201-214.

Oh, J.C.; Yoon, S.J.; Chung, N. The role of technology readiness in consumers’ adoption of mobile internet services
between South Korea and China. Int. J. Mob. Commun. 2014, 12, 229-248.

Meng, J.; Elliott, K.M.; Hall, M.C. Technology Readiness Index (TRI): Assessing cross-cultural validity. J. Int. Consum.
Mark. 2009, 22, 19-31.

Parasuraman, A.; Colby, C.L. An updated and streamlined technology readiness index: TRI 2.0. J. Serv. Res. 2015, 18,
59-74.

Massey, A.P.; Khatri, V.; Montoya-Weiss, M.M. Usability of online services: The role of technology readiness and
context. Decis. Sci. 2007, 38, 277-308.

Franque, F.B.; Oliveira, T.; Tam, C.; de Santini, F.O. A meta-analysis of the quantitative studies in continuance intention
to use an information system. Internet Res. 2020, 31, 123-158.

Kim, B.; Kang, M. How user loyalty and nonconscious inertia influence the continued use of mobile communications
platforms. Int. J. Mob. Commun. 2016, 14, 387-410.

Kim, B.G.; Park, S.C.; Lee, K.J. A structural equation modeling of the Internet acceptance in Korea. Electron. Commer.
Res. Appl. 2007, 6, 425-432.

Bhattacherjee, A. Understanding Information Systems Continuance: An Expectation-Confirmation Model. MIS Q. 2001,
25, 351-370.

Nabavi, A.; Taghavi-Fard, M.T.; Hanafizadeh, P.; Taghva, M.R. Information technology continuance intention: A
systematic literature review. Int. J. E-Bus. Res. 2016, 12, 58-95.

Hoehle, H.; Zhang, X.; Venkatesh, V. An espoused cultural perspective to understand continued intention to use mobile
applications: A four-country study of mobile social media application usability. Eur. J. Inf. Syst. 2015, 24, 337-359.

Guo, X.; Sun, Y.; Wang, N.; Peng, Z.; Yan, Z. The dark side of elderly acceptance of preventive mobile health services
in China. Electron. Mark. 2013, 23, 49-61.

Dou, K.; Yu, P.;; Deng, N.; Liu, F.; Guan, Y.; Li, Z.; Ji, Y.; Du, N.; Lu, X.; Duan, H. Patients’ acceptance of smartphone
health technology for chronic disease management: A theoretical model and empirical test. JMIR Mhealth Uhealth
2007, 5, 177.

McDonald, T.; Siegall, M. The effects of technological self-efficacy and job focus on job performance, attitudes, and
withdrawal behaviors. J. Psychol. Interdiscip. Appl. 1992, 126, 465-475.

Luarn, P.; Lin, H.H. Toward an understanding of the behavioral intention to use mobile banking. Comput. Hum. Behav.
2005, 21, 873-891.

Lewis, T.L.; Loker, S. Technology usage intent among apparel retail employees. Int. J. Retail. Distrib. Manag. 2014, 42,
422-440.

Hernandez, B.; Jimenez, J.; Martin, M.J. The impact of self-efficacy, ease of use and usefulness on e-purchasing: An
analysis of experienced e-shoppers. Interact. Comput. 2009, 21, 146-156.

Lew, S.; Tan, G.W.H.; Loh, X.M.; Hew, J.J.; Ooi, K.B. The disruptive mobile wallet in the hospitality industry: An
extended mobile technology acceptance model. Technol. Soc. 2020, 63, 101430.



82.

83.

84.

85.

86.

87.

88.

Gefen, D.; Karahanna, E.; Straub, D.W. Trust and TAM in online shopping: An integrated model. MIS Q. 2003, 27, 51—
90.

Elliott, K.; Meng, G.; Hall, M. The influence of technology readiness on the evaluation of self-service technology
attributes and resulting attitude toward technology usage. Serv. Mark. Q. 2012, 33, 311-329.

Roy, S.; Moorthi, Y.L.R. Technology readiness, perceived ubiquity and m-commerce adoption: The moderating role of
privacy. J. Res. Interact. Mark. 2017, 11, 268-295.

Jin, C. The perspective of a revised TRAM on social capital building: The case of Facebook usage. Inf. Manag. 2013,
50, 162-168.

Lin, J.S.C.; Chang, H.C. The role of technology readiness in self-service technology acceptance. Manag. Serv. Qual.
Int. J. 2011, 21, 424-444.

Mukerjee, H.S.; Deshmukh, G.K.; Prasad, U.D. Technology Readiness and Likelihood to Use Self-Checkout Services
Using Smartphone in Retail Grocery Stores: Empirical Evidences from Hyderabad, India. Bus. Perspect. Res. 2019, 7,
1-15.

Roh, M.; Park, K. Adoption of 020 food delivery services in South Korea: The moderating role of moral obligation in
meal preparation. Int. J. Inf. Manag. 2019, 47, 262-273.

Retrieved from https://encyclopedia.pub/entry/history/show/60782



