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Regular inspection and monitoring of buildings and infrastructure, that is collectively called the built environment herein, is

critical. The built environment includes commercial and residential buildings, roads, bridges, tunnels, and pipelines.

Automation and robotics can aid in reducing errors and increasing the efficiency of inspection tasks. As a result, robotic

inspection and monitoring of the built environment has become a significant research topic in recent years.
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1. Introduction

The built environment consists of human-made buildings and infrastructures such as commercial and residential buildings,

bridges, roads, tunnels, storage tanks, and pipelines. These structures must be routinely inspected and monitored both

during and after construction. The structure is monitored and assessed through regular inspections performed by different

stakeholders including owners, project managers, architects, engineers, contractors, sub-contractors, end users, and

facility managers . Irrespective of who is performing the inspection, manual inspection is a time-consuming process and

adds to the project cost . Manual inspection is also characterized by a high degree of variability in the quality of

assessment and subjectivity .

Some inspection tasks are difficult for humans to perform due to inaccessibility, e.g., confined spaces such as inside air-

conditioning ducts , water-filled pipelines and tunnels , offshore structures , and small spaces in walls . Some

situations might be hazardous for humans, such as inspection at heights , structures subjected to natural disasters ,

or a bridge deck . Different inspection and monitoring activities differ in their requirements and face different

challenges. Therefore, not all types of inspection can be performed by the same robot.

Robots have been used in building and infrastructure projects in many ways—e.g., for concrete production, automated

brickwork, steel welding, concrete distribution, steel reinforcement positioning, concrete finishing, tile placement, fireproof

coating, painting, earthmoving, material handling, and road maintenance . Robots with many different locomotion types

and sensors have been used for the inspection of the built environment . Some examples are unmanned aerial vehicles

(UAV), unmanned ground vehicles (UGV), marine vehicles, wall-climbing robots, and cable-crawling robots, among

others. Robotic inspection provides a safer alternative to manual inspection . Automated robotic inspection improves

the frequency of inspections and reduces subjectivity in detecting errors .

Figure 1 shows the types of robots identified. The numbers in the figure denote the number of papers reporting the use of

that type of robot. Most researchers used UAVs, and because of their ability to reach places that humans cannot, they are

found to be useful tools for many inspection applications . They provide valuable support to quickly and safely

access exterior facades of high-rise buildings and hard-to-reach places of bridge decks . The second-most-common

type of robot found to be used is the UGV. Unlike UAVs, which offer small payload capacities, ground-based robots such

as wheeled robots offer much higher payload capacities and are useful tools in the longer inspection of buildings .
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Figure 1. Types of robots used in literature.

Some researchers used multiple types of robots in collaboration, e.g., a UAV with a ground robot . Other

researchers developed custom hybrid robots with more than one locomotion system . These hybrid robots

provide better reach and are more versatile than simple robots. For example—a wheeled robot with a rotor attached

developed by Lee et al.  can jump around obstacles and inspect both the interior and exterior of a building.

The following sections present an in-depth qualitative content analysis of 269 papers on the use of robots for the

inspection and monitoring of buildings and infrastructure. The researchers found nine different types of robotic systems,

with unmanned aerial vehicles (UAVs) being the most common, followed by unmanned ground vehicles (UGVs). The

study also found five different applications of robots in inspection and monitoring, namely, maintenance inspection,

construction quality inspection, construction progress monitoring, as-built modeling, and safety inspection. Common

research areas investigated by researchers include autonomous navigation, knowledge extraction, motion control

systems, sensing, multi-robot collaboration, safety implications, and data transmission. The findings provide insight into

the recent research and developments in the field of robotic inspection and monitoring of the built environment and will

benefit researchers, and construction and facility managers, in developing and implementing new robotic solutions.

2. Unmanned Aerial Vehicle (UAV)

UAVs are by far the most commonly used type of robot for inspection and monitoring of the built environment, as found in

the literature. According to Association for Unmanned Vehicle Systems International (AUVSI), the market for UAVs is

estimated to be $11.3 billion in the U.S. alone, which will grow to $140 billion in the next 10 years . Examples of

commercial UAVs used in research are DJI Phantom 3 , DJI Phantom 4 , Parrot AR.Drone 2.0 , DJI M600 Pro ,

DJI Matrice 100 , FlyTop FlyNovex , DJI Mavic Mini , DJI Mavic Pro , and Tarot FY680 . The use of UAVs,

also known as drones, started in military operations; however, they are now increasingly being used in the construction

and maintenance of civil infrastructures for inspection and monitoring . Their versatility and low operating and

maintenance costs make them appealing to a wide range of sectors, including construction . UAVs are a preferred

tool for data collection because of their maneuverability and higher angles of measurement . They are also very

lightweight and take little time to set up. They can reach places where it is difficult to reach for humans . UAVs

can also undertake at-height inspections isolating humans from fall hazards . UAVs are also faster than human

inspectors . High-rise towers with glass facades often get damaged after extreme weather events. These facades need

to be inspected before re-occupancy of the building is allowed . Due to their speed, UAVs can provide accurate

information much faster and more frequently than humans . UAVs can thereby reduce the cost and risk of inspection

of the built environment .

UAVs are classified into two categories—fixed-wing and rotary-wing UAVs. While fixed-wing UAVs are faster, they cannot

hover or take-off vertically. Rotary-wing UAVs can take off vertically from any location, eliminating the need for a horizontal

plane on which to gain speed . The most popular rotary-wing UAV is a quadrotor with four rotors . They are agile and
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can hover in one place. They are, however, slower and have a shorter range . As a result, rotary-wing UAVs are better

suited for building applications. However, fixed-wing UAVs can be useful in long, linear infrastructure projects such as

highways and railways. A relatively rare UAV type is a lighter-than-air-platform; examples are balloons and kites .

These systems are substantially slower and have very little wind resistance.

Typically, UAVs carry digital cameras as payloads to capture visual data from the site . They can also carry other

equipment, such as thermal cameras . However, images or videos captured from UAVs can be noisy and require

post-processing . The design and payload of the UAV may vary based on the desired application . The common use

of UAVs in building inspections is to collect visual data by utilizing their onboard cameras . UAVs are also commonly

used for bridge and powerline inspections, because of the high risk of fall accidents in the manual inspection of bridges

. Lyu et al.  identified the following requirements for a UAV system for building inspection:

UAVs can hover anywhere to take photos.

UAVs can zoom in and focus on a small region of interest.

UAV operation should be simple, and the operator can get started without professional training.

UAVs should have a long enough flight time to improve operational efficiency.

UAVs should be capable of autonomous flight.

UAVs should be small enough for transportation and maintenance.

A UAV can be operated either remotely or autonomously and also fly over difficult-to-access areas . Researchers 

have found that for large linear infrastructure projects, and with manual control of the UAV, frequent turning and climbing

maneuvers can be exhausting for the UAV pilot. The quality of the images captured by UAVs also depends on the pilot’s

performance . This motivated the development of autonomous trajectory planning for UAVs . Active collision

avoidance for UAVs is required to avoid accidents on sites due to their use, and it is more complicated than that for

autonomous ground vehicles . Shared autonomy has also been developed, in which humans provide higher-level goals

to the UAV, but lower-level control, such as keeping a safe distance from the building and avoiding objects, is conducted

autonomously . Shared autonomy reduces the cognitive load on the human operator while still utilizing their experience

and expertise .

Although UAVs are efficient and versatile in an outdoor environment, they are of limited use in indoor situations because

of visual obstructions . Another challenge for UAVs is that GPS signals used by outdoor autonomous UAVs may

become unreliable in indoor settings . Many UAVs use other sensors to aid in navigation, such as gyroscopes,

magnetometers, barometers, SONAR, and inertial navigation systems . Vision-based localization and navigation have

also been developed and tested . 

3. Unmanned Ground Vehicles (UGV)

UGVs, also known as rovers, are the simplest in the design of all the robots discussed herein. These robots work well on

flat surfaces but perform poorly on cluttered surfaces . UGVs can be wheel-driven, using pneumatic wheels to move

, or crawler-mounted or tracked systems . Crawlers, which are also used in military tanks and heavy equipment,

have better traction on slick or wet terrain. If the surface conditions are suitable, wheeled UGVs are the most efficient in

terms of power consumption, cost, control, robustness, and speed . Owing to lower power consumption and longer

runtime, UGVs can be used as human assistants for long inspection rounds . Some examples of commercially

available UGVs used for research are the Clearpath Jackal  and Clearpath Husky .

Due to their low center of gravity, UGVs are the most stable and can carry large payloads. Some common payloads

attached to UGVs in the built environment for inspection and monitoring purposes are (a) regular fixed cameras and

stereo cameras for visual data collection ; (b) LiDAR and laser scanners for 3D data capture ; (c) mechanical

arms for obstacle removal ; (d) ground-penetrating RADAR (GPR), ultrasonic sensors, and infrared sensors for behind-

wall and under-ground sensing ; (e) a graphics processing unit (GPU) for processing ; and (f) IMU, GPS,

and UWB sensors for localizing and navigation .

UGVs have been used in a variety of situations other than buildings due to their ease of design and operation. They have

been used for the inspection of bridge decks , storage tanks , HVAC ducts , and even sewer and water
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pipelines . Owing to their adaptability, they can perform floor cleaning, wall construction, and wall painting in addition to

inspection . They make an excellent test bed for algorithms and sensor design due to their ease of operation.

The low height of UGVs is also a disadvantage because it limits their reach in large halls or spaces with high ceilings. As a

result, UGVs are also used in close collaboration with other robots, such as UAVs.

4. Wall-Climbing Robots

Wall-climbing robots are used for the inspections of building facades, windows, or external pipes. Manual inspection of

exterior utilities on a high-rise building is performed by human inspectors supported on a temporary frame suspended

from the roof of the structure, which poses a huge safety risk to the human inspector . A UAV can be the tool of choice

for such applications because of its easy setup and flexibility. However, as discussed above, UAVs are susceptible to high

winds and legal restrictions. Liu et al.  developed a cable-suspended wall-climbing robot for the inspection of exterior

pipelines. Such robots are much safer and can carry larger sensor payloads. They can also be used for the external

inspection of large above-ground storage tanks . When supported by a single cable, as developed by , the robot can

only move in the vertical direction. However, horizontal motion can be added by supporting the robot with two cables

suspended from two different horizontally-spaced points at the top of the structure .

Other methods of wall-climbing include grip-climbing using mechanical actuators and springs to create gripping action .

These robots do not require any pre-installed infrastructure to climb the vertical structure. However, they need surface

protrusions to grip while climbing and are not suitable for smooth surfaces.

Magnetic climbing robots use electromagnets controlled by circuits to climb steel structures . The power needed to

operate the magnets in these robots is very little compared to UAVs, and they can hold a position indefinitely . A similar

robot was developed by  with magnetic tracks. The robot was designed to inspect the interior of large steel storage

tanks. Magnetic climbers are susceptible to losing traction from the surface due to dust or unevenness, which can be

dangerous . Therefore, both grip-climbing and magnetic-climbing robots are limited in their use for special types of

surfaces.

Owing to the need for dedicated infrastructure or a special type of surface in the previously mentioned wall-climbing

robots, researchers have also developed suction-mounts that can stick to a wider range of wall surface types. The Alicia

robot was developed by  as three circular suction mounts linked together by two arms. The mounts are sealed by

special sealants to maintain negative pressure and develop strong adhesion with the wall surface. A similar design was

seen in . Their robot Mantis was also designed as three suction modules joined by two links used for the inspection of

window frames. When moving from one frame to another, one of the modules would detach and go over the frame

followed by the other two modules one-by-one. Kouzehgar et al.  acknowledged that cracked glass windows may

create a dangerous situation for their robot; therefore, they also developed a crack-detection algorithm to avoid attaching

to cracked surfaces. In contrast, the ROMERIN robot developed by  used six inter-linked suction cups and turbines,

instead of pumps, to create stronger air flow and negative air pressure. The use of many suction cups/mounts and high

air-flow turbines provided the robot resilience against cracked surfaces .

5. Cable-Crawling Robots

Cable-crawling robots have a niche area of application in the inspection of stay cables in cable-stayed and suspension

bridges . These robots are different from the cable-suspended robots used for wall-climbing. These robots do not need

additional infrastructure to navigate but crawl along the existing steel cables in bridges through the use of drive rollers

. Although drones can also be used to safely inspect these bridge cables at high-altitudes, drones need to maintain a

minimum safe distance to avoid collision . Images captured from a distance do not provide enough clarity to detect

micro-cracks on the cable surface . Additionally, cable-crawling robots equipped with multiple cameras, as performed in

, can inspect the whole surface of the steel cables instead of only one side at a time.

A similar cable-crawling robot was also developed by  in Japan for the inspection of the steel cables of suspension

bridges. Their design was similar to , yet slightly different. Their robot consisted of a base platform that crawled the

main cables of the bridge connecting the support tower and a tethered camera module that was lowered from the base

platform for the inspection of the hanging ropes. The actual inspection was carried out by the camera module suspended

from the base platform, while the base platform provided horizontal locomotion along the bridge.
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6. Marine Robots

Marine robots are used for the inspection of marine structures such as bridge piers, dam embankments, underwater

pipes, and offshore structures. There are two types of marine robots found in the literature—(a) submersible robots, also

known as unmanned underwater vehicles (UUVs)  or autonomous underwater vehicles (AUVs) ; and (b)

unmanned surface vehicles (USV), sometimes called surface water platforms (SWPs) . Both USV and UUV are

sometimes clubbed together under a single term of unmanned marine vehicles .

Submersible robots, as the name suggests, can be fully submerged in water and can perform inspection under water.

They are also sometimes referred to as underwater drones . Underwater inspection is conventionally performed by

human divers, which is costly, labor-intensive, and unsafe . With UUVs, positioning and navigating the robot is a

huge challenge because most sensor and positioning techniques (GPS, fiducials, UWB, visual odometry, etc.) used on the

ground are inviable underwater . Dead reckoning techniques using inertial navigation  can be used for underwater

navigation, but its accuracy deteriorates with time due to drift . Optic and acoustic systems are also used that measure

distance from the reflected light or sound waves . However, inertial systems do not rely on information from outside and

therefore are not affected by underwater rocks or marine life, as is the case with optic and acoustic systems .

Unmanned surface vehicles, on the other hand, operate on the surface of a water body. They are low-cost devices that

can facilitate safer inspection of marine structures. USVs are often designed as large devices so they are stable in rough

waters, though small USVs have also been developed and tested. The use of waterproof cameras and other equipment is

a crucial design consideration for USVs . Although USVs have been primarily used in military applications before, the

construction industry can also benefit largely from their application. Bridge inspection is one of the largest areas where

USV can be utilized because out of 575,000 bridges in the US, 85% of them span waterways .

7. Hinged Microbots

Hinged microbots are made up of several tiny body sections hinged together. These robots imitate the movements of

snakes or worms. Instead of wheels, they move by using multiple motored joints along their body. They can move by

contracting and stretching their bodies like worms, or by sidewinding like snakes . Various propagation techniques for

these robots have previously been investigated, such as piezoelectric, hydraulic, pneumatic, and electrical micro-

actuators . Electrical micro-motors have been found to provide the best speed and power.

The main advantage of hinged microbots is that they are lighter and smaller in size than other types of robots . They are

only a few cubic centimeters in size. As a result, they are appropriate for inspecting sewer, gas, water, or other pipes 

. However, due to size limitations, they can only carry a limited amount of data-collection equipment. They are most

often equipped with cameras on their heads . Pipeline inspection is also complicated by a limited and unreliable

network. Owing to unreliable communication within pipelines, Paap et al.  developed autonomous path-finding for their

robot that can navigate sewer pipes even if there is no communication with the operator. With the advancement in

machine learning techniques, Lakshmanan et al.  created a path-planning method for their hinged microbot based on

reinforcement learning that quickly finds the best path with the least energy requirement.

8. Legged Robots

Legged robots are relatively newer than other types of robots used for the inspection and monitoring of the built

environment. They move using mechanical limbs controlled by multiple motors in each limb. Legged robots may have two

legs (bipedal) , four legs (quadrupeds) , or even six legs (hexapods) . They have the adaptability and mobility

to traverse various types of terrains, making them well-suited for construction sites . Numerous legged robots have

been developed by NASA, MIT, IIT, ETH, Boston Dynamics, Ghost Robotics, ANYbotics, and Unitree . However, due

to high technical complexity, very few have been used outside of a laboratory setting . Due to less availability of

commercial legged robots in the market, the literature on these in the construction domain is also sparse. A major

advantage of using legged robots over UGVs is that the former can traverse stairs, which facilitates multi-story inspections

.

9. Hybrid Robots

A hybrid class of robots uses more than one locomotion to navigate. These are a special type of robots that are developed

for specific problems and are not commercially available in the market for general use. A simple hybrid robot is a wheeled
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robot with additional rotors on top as developed by . In such a robot, the wheels provide stability on a flat surface

indoors whereas the rotors assist in inspection at height, obstacle avoidance, and floor change.

Another hybrid robot that was developed by  adds rotors to wall-climbing robots. As discussed above, wall-climbing

robots using suction or magnetic mounts can be useful for flat exterior surfaces. However, protrusions on the façade such

as columns and mullions limit the maneuverability of wall-climbing robots. Rotors allow skipping over these protrusions

easily without any additional infrastructure, such as cables, thereby extending the reach of wall-climbing robots. A similar

robot developed by  used wheels with adhesive coating. The rotors not only provided the vertical thrust but also

horizontal thrust to maintain contact with the structure. The wall-sticking mechanism can also be provided through the use

of electro-magnets as done by . Electro-magnets can be more stable against strong winds, however, may only work

with steel structures and not with concrete or glass surfaces.

Another example of hybrid robot was provided by  that consists of legs with magnetic padding. The magnetic legs

cannot only climb steel elements for at-height inspections but can also walk over wall protrusions. The strong electro-

magnets also provide some fall protection against high winds. However, glass and ceramic surfaces may not work with

this type of robot. A similar robot with six magnetic legs was developed by . The robot matched a spider in appearance

that climb walls for at-height inspection. Such complex robots require complex control systems and circuity to control the

legs and their magnetism in tune with the walking motion, which is a separate research area.

10. Multi-Robot Systems

Researchers have also used teams of multiple robots of the same or different types for inspection and monitoring of the

built environment. The robotic system developed by  comprised two quadruped robots working in a “so-called” master-

slave relationship. The master robot was responsible for mission planning, task allocation, and comprehensive report

generation and carried a high-performance computing unit for these purposes. The slave or the secondary robot carried

other payloads such as a thermal camera, robotic arm, and long-range Lidar along with a smaller computing unit for

running local control algorithms. Such systems can carry larger payloads without the need for an over-size robotic

platform. The primary focus of the research with multiple robots is the development of multi-robot collaboration strategies.

Another type of multi-robot system used by researchers is a team of Unmanned Aerial and unmanned ground vehicles. In

the multi-robot system developed by , the wheeled robot on the ground carried the sensors for mapping the

environment while the UAV provided a wider view of the area from a higher vantage point for better path planning and

navigation. A similar approach was undertaken by , in which the UAV provided an initial scan of the area for the

identification of obstacles and occlusions. Based on the initial scan by the UAV, the optimum scan locations were selected

for the wheeled robot for higher-quality and longer scans.

Multi-UAV swarms have been used by Khaloo et al.  and Mansouri et al.  independently. Large infrastructure

projects, such as gravity dams and linear transportation infrastructure, can be too large for a single UAV to inspect in a

single mission and require mid-mission recharging. Utilizing multiple UAVs together may reduce the time for data

collection while covering a large area. In studies related to multiple UAVs where each robot is inspecting a part of the

target structure, the combine path planning and data fusion from multiple data sources become the primary research

focus . This even applies to other multi-robot systems as well.

Finally, a team of underwater robots and USV has been independently developed by Ueda et al. , Yang et al. , and

Shimono et al.  for the underwater inspection of dams and bridge piers. In these studies, the USV provided horizontal

navigation from the surface of the water body and lowered the submersible robot suspended by cables or winch for closer

inspection under the water.

References

1. Vo-Tran, H.; Kanjanabootra, S. Information Sharing Problems among Stakeholders in the Construction Industry at the I
nspection Stage: A Case Study. In Proceedings of the CIB World Building Congres: Construction and Society, Brisban
e, Australia, 5–9 May 2013; pp. 50–63.

2. Hallermann, N.; Morgenthal, G.; Rodehorst, V. Unmanned Aerial Systems (UAS)—Case Studies of Vision Based Monit
oring of Ageing Structures. In Proceedings of the International Symposium Non-Destructive Testing in Civil Engineering
(NDT-CE), Berlin, Germany, 15–17 September 2015; pp. 15–17.

3. Lattanzi, D.; Miller, G. Review of Robotic Infrastructure Inspection Systems. J. Infrastruct. Syst. 2017, 23, 04017004.

[24]

[117]

[118]

[27]

[25]

[119]

[120]

[22]

[23][121][122]

[123] [124]

[125]

[126] [127]

[103]



4. Pinto, L.; Bianchini, F.; Nova, V.; Passoni, D. Low-Cost Uas Photogrammetry for Road Infrastructures’ Inspection. ISPR
S—Int. Arch. Photogramm. Remote Sens. Spat. Inf. Sci. 2020, 43B2, 1145–1150.

5. Bulgakov, A.; Sayfeddine, D. Air Conditioning Ducts Inspection and Cleaning Using Telerobotics. Procedia Eng. 2016, 1
64, 121–126.

6. Wang, Y.; Su, J. Automated Defect and Contaminant Inspection of HVAC Duct. Autom. Constr. 2014, 41, 15–24.

7. Inzartsev, A.; Eliseenko, G.; Panin, M.; Pavin, A.; Bobkov, V.; Morozov, M. Underwater Pipeline Inspection Method for A
UV Based on Laser Line Recognition: Simulation Results. In Proceedings of the 2019 IEEE Underwater Technology (U
T), Kaohsiung, Taiwan, 16–19 April 2019.

8. Kreuzer, E.; Pinto, F.C. Sensing the Position of a Remotely Operated Underwater Vehicle. In Proceedings of the Theory
and Practice of Robots and Manipulators; Morecki, A., Bianchi, G., Jaworek, K., Eds.; Springer: Vienna, Austria, 1995;
pp. 323–328.

9. Brunete, A.; Hernando, M.; Torres, J.E.; Gambao, E. Heterogeneous Multi-Configurable Chained Microrobot for the Exp
loration of Small Cavities. Autom. Constr. 2012, 21, 184–198.

10. Tan, Y.; Li, S.; Liu, H.; Chen, P.; Zhou, Z. Automatic Inspection Data Collection of Building Surface Based on BIM and U
AV. Autom. Constr. 2021, 131, 103881.

11. Torok Matthew, M.; Golparvar-Fard, M.; Kochersberger Kevin, B. Image-Based Automated 3D Crack Detection for Post
-Disaster Building Assessment. J. Comput. Civ. Eng. 2014, 28, A4014004.

12. Khan, F.; Ellenberg, A.; Mazzotti, M.; Kontsos, A.; Moon, F.; Pradhan, A.; Bartoli, I. Investigation on Bridge Assessment
Using Unmanned Aerial Systems. In Proceedings of the Structures Congress 2015, Portland, OR, USA, 23–25 April 20
15; pp. 404–413.

13. Siciliano, B.; Khatib, O. Springer Handbook of Robotics; Springer: Berlin, Germany, 2016; ISBN 978-3-319-32552-1.

14. Birk, A.; Pfingsthorn, M.; Bulow, H. Advances in Underwater Mapping and Their Application Potential for Safety, Securit
y, and Rescue Robotics (SSRR). In Proceedings of the 2012 IEEE International Symposium on Safety, Security, and R
escue Robotics (SSRR), College Station, TX, USA, 5–8 November 2012.

15. Ruiz, R.D.B.; Lordsleem Jr, A.C.; Rocha, J.H.A.; Irizarry, J. Unmanned Aerial Vehicles (UAV) as a Tool for Visual Inspec
tion of Building Facades in AEC+FM Industry. Constr. Innov. 2021, 22, 1155–1170.

16. Agnisarman, S.; Lopes, S.; Chalil Madathil, K.; Piratla, K.; Gramopadhye, A. A Survey of Automation-Enabled Human-in
-the-Loop Systems for Infrastructure Visual Inspection. Autom. Constr. 2019, 97, 52–76.

17. Halder, S.; Afsari, K.; Chiou, E.; Patrick, R.; Hamed, K.A. Construction Inspection & Monitoring with Quadruped Robots
in Future Human-Robot Teaming. J. Build. Eng. 2023, 65, 105814.

18. Lim, R.S.; La, H.M.; Shan, Z.; Sheng, W. Developing a Crack Inspection Robot for Bridge Maintenance. In Proceedings
of the 2011 IEEE International Conference on Robotics and Automation, Shanghai, China, 9–13 May 2011; IEEE: Pisc
ataway, NJ, USA, 2011; pp. 6288–6293.

19. Patel, T.; Suthar, V.; Bhatt, N. Application of Remotely Piloted Unmanned Aerial Vehicle in Construction Management B
T-Recent Trends in Civil Engineering; Pathak, K.K., Bandara, J.M.S.J., Agrawal, R., Eds.; Springer: Singapore, 2021; p
p. 319–329.

20. Phung, M.D.; Quach, C.H.; Dinh, T.H.; Ha, Q. Enhanced Discrete Particle Swarm Optimization Path Planning for UAV V
ision-Based Surface Inspection. Autom. Constr. 2017, 81, 25–33.

21. Whang, S.-H.; Kim, D.-H.; Kang, M.-S.; Cho, K.; Park, S.; Son, W.-H. Development of a Flying Robot System for Visual
Inspection of Bridges; International Society for Structural Health Monitoring of Intelligent Infrastructure (ISHMII): Winnip
eg, MB, Canada, 2007.

22. Asadi, K.; Kalkunte Suresh, A.; Ender, A.; Gotad, S.; Maniyar, S.; Anand, S.; Noghabaei, M.; Han, K.; Lobaton, E.; Wu,
T. An Integrated UGV-UAV System for Construction Site Data Collection. Autom. Constr. 2020, 112, 103068.

23. Kim, P.; Park, J.; Cho, Y.K.; Kang, J. UAV-Assisted Autonomous Mobile Robot Navigation for as-Is 3D Data Collection a
nd Registration in Cluttered Environments. Autom. Constr. 2019, 106, 102918.

24. Lee, J.H.; Park, J.; Jang, B. Design of Robot Based Work Progress Monitoring System for the Building Construction Sit
e. In Proceedings of the 2018 International Conference on Information and Communication Technology Convergence (I
CTC), Jeju Island, Republic of Korea, 17–19 October 2018; pp. 1420–1422.

25. Kamagaluh, B.; Kumar, J.S.; Virk, G.S. Design of Multi-Terrain Climbing Robot for Petrochemical Applications. In Proce
edings of the Adaptive Mobile Robotics, Baltimore, MD, USA, 23–26 July 2012; pp. 639–646.

26. Katrasnik, J.; Pernus, F.; Likar, B. A Climbing-Flying Robot for Power Line Inspection. In Climbing and Walking Robots;
Miripour, B., Ed.; IntechOpen: Rijeka, Croatia, 2010; pp. 95–110.



27. Mattar, R.A.; Kalai, R. Development of a Wall-Sticking Drone for Non-Destructive Ultrasonic and Corrosion Testing. Dro
nes 2018, 2, 8.

28. Irizarry, J.; Costa, D. Exploratory Study of Potential Applications of Unmanned Aerial Systems for Construction Manage
ment Tasks. J. Manag. Eng. 2016, 32, 05016001.

29. Razali, S.N.M.; Kaamin, M.; Razak, S.N.A.; Hamid, N.B.; Ahmad, N.F.A.; Mokhtar, M.; Ngadiman, N.; Sahat, S. Applicat
ion of UAV and Csp1 Matrix for Building Inspection at Muzium Negeri, Seremban. Int. J. Innov. Technol. Explor. Eng. 20
19, 8, 1366–1372.

30. Moore, J.; Tadinada, H.; Kirsche, K.; Perry, J.; Remen, F.; Tse, Z.T.H. Facility Inspection Using UAVs: A Case Study in t
he University of Georgia Campus. Int. J. Remote Sens. 2018, 39, 7189–7200.

31. Biswas, S.; Sharma, R. Goal-Aware Navigation of Quadrotor UAV for Infrastructure Inspection. In Proceedings of the AI
AA Scitech 2019 Forum, American Institute of Aeronautics and Astronautics, San Diego, CA, USA, 7–11 January 2019.

32. Mao, Z.; Yan, Y.; Wu, J.; Hajjar, J.F.; Padlr, T. Towards Automated Post-Disaster Damage Assessment of Critical Infrastr
ucture with Small Unmanned Aircraft Systems. In Proceedings of the 2018 IEEE International Symposium on Technolo
gies for Homeland Security (HST), Woburn, MA, USA, 23–24 October 2018.

33. Walczyński, M.; Bożejko, W.; Skorupka, D. Parallel Optimization Algorithm for Drone Inspection in the Building Industry.
AIP Conf. Proc. 2017, 1863, 230014.

34. Vacca, G.; Furfaro, G.; Dessì, A. The Use of the Uav Images for the Building 3D Model Generation. In Proceedings of t
he International Archives of the Photogrammetry, Remote Sensing and Spatial Information Sciences—ISPRS Archives,
Dar es Salaam, TN, USA, 29 August 2018; Volume 42, pp. 217–223.

35. Taj, G.; Anand, S.; Haneefi, A.; Kanishka, R.P.; Mythra, D.H.A. Monitoring of Historical Structures Using Drones; IOP P
ublishing Ltd.: Bristol, UK, 2020; Volume 955.

36. Saifizi, M.; Syahirah, N.; Mustafa, W.A.; Rahim, H.A.; Nasrudin, M.W. Using Unmanned Aerial Vehicle in 3D Modelling
of UniCITI Campus to Estimate Building Size; IOP Publishing Ltd.: Bristol, UK, 2021; Volume 1962.

37. Hament, B.; Oh, P. Unmanned Aerial and Ground Vehicle (UAV-UGV) System Prototype for Civil Infrastructure Mission
s. In Proceedings of the 2018 IEEE International Conference on Consumer Electronics (ICCE), Las Vegas, NV, USA, 1
2–14 January 2018; Mohanty, S., Corcoran, P., Li, H., Sengupta, A., Lee, J., Eds.; IEEE: Piscataway, NJ, USA, 2018.

38. Roca, D.; Lagüela, S.; Díaz-Vilariño, L.; Armesto, J.; Arias, P. Low-Cost Aerial Unit for Outdoor Inspection of Building F
açades. Autom. Constr. 2013, 36, 128–135.

39. Lin, J.J.; Han, K.K.; Golparvar-Fard, M. A Framework for Model-Driven Acquisition and Analytics of Visual Data Using U
AVs for Automated Construction Progress Monitoring. In Proceedings of the Computing in Civil Engineering, Austin, TX,
USA, 21–23 June 2015; pp. 156–164.

40. Keyvanfar, A.; Shafaghat, A.; Awanghamat, A. Optimization and Trajectory Analysis of Drone’s Flying and Environment
al Variables for 3D Modelling the Construction Progress Monitoring. Int. J. Civ. Eng. 2021, 20, 363–388.

41. Freimuth, H.; König, M. Planning and Executing Construction Inspections with Unmanned Aerial Vehicles. Autom. Cons
tr. 2018, 96, 540–553.

42. Hamledari, H.; Davari, S.; Azar, E.R.; McCabe, B.; Flager, F.; Fischer, M. UAV-Enabled Site-to-BIM Automation: Aerial
Robotic- and Computer Vision-Based Development of As-Built/As-Is BIMs and Quality Control. In Proceedings of the C
onstruction Research Congress 2018: Construction Information Technology—Selected Papers from the Construction R
esearch Congress 2018, New Orleans, LA, USA, 2–4 April 2018; American Society of Civil Engineers (ASCE): Reston,
VA, USA, 2018; pp. 336–346.

43. Kayhani, N.; McCabe, B.; Abdelaal, A.; Heins, A.; Schoellig, A.P. Tag-Based Indoor Localization of UAVs in Constructio
n Environments: Opportunities and Challenges in Practice. In Proceedings of the Construction Research Congress 202
0, Tempe, AZ, USA, 8–10 March 2020; pp. 226–235.

44. Previtali, M.; Barazzetti, L.; Brumana, R.; Roncoroni, F. Thermographic Analysis from Uav Platforms for Energy Efficien
cy Retrofit Applications. J. Mob. Multimed. 2013, 9, 66–82.

45. Teixeira, J.M.; Ferreira, R.; Santos, M.; Teichrieb, V. Teleoperation Using Google Glass and Ar, Drone for Structural Ins
pection. In Proceedings of the 2014 XVI Symposium on Virtual and Augmented Reality, Piata Salvador, Brazil, 12–15 M
ay 2014; pp. 28–36.

46. Esfahan, N.R.; Attalla, M.; Khurshid, K.; Saeed, N.; Huang, T.; Razavi, S. Employing Unmanned Aerial Vehicles (UAV) t
o Enhance Building Roof Inspection Practices: A Case Study. In Proceedings of the Canadian Society for Civil Engineer
ing Annual Conference, London, ON, Canada, 1–4 June 2016; Volume 1, pp. 296–305.



47. Chen, K.; Reichard, G.; Xu, X. Opportunities for Applying Camera-Equipped Drones towards Performance Inspections
of Building Facades. In Proceedings of the ASCE International Conference on Computing in Civil Engineering 2019, Atl
anta, GA, USA, 17–19 June 2019; pp. 113–120.

48. Oudjehane, A.; Moeini, S.; Baker, T. Construction Project Control and Monitoring with the Integration of Unmanned Aeri
al Systems with Virtual Design and Construction Models; Canadian Society for Civil Engineering: Vancouver, BC, Cana
da, 2017; Volume 1, pp. 381–406.

49. Choi, J.; Yeum, C.M.; Dyke, S.J.; Jahanshahi, M.; Pena, F.; Park, G.W. Machine-Aided Rapid Visual Evaluation of Build
ing Façades. In Proceedings of the 9th European Workshop on Structural Health Monitoring, Manchester, UK, 10–13 J
uly 2018.

50. Mavroulis, S.; Andreadakis, E.; Spyrou, N.-I.; Antoniou, V.; Skourtsos, E.; Papadimitriou, P.; Kasssaras, I.; Kaviris, G.; T
selentis, G.-A.; Voulgaris, N.; et al. UAV and GIS Based Rapid Earthquake-Induced Building Damage Assessment and
Methodology for EMS-98 Isoseismal Map Drawing: The June 12, 2017 Mw 6.3 Lesvos (Northeastern Aegean, Greece)
Earthquake. Int. J. Disaster Risk Reduct. 2019, 37, 101169.

51. Daniel Otero, L.; Gagliardo, N.; Dalli, D.; Otero, C.E. Preliminary SUAV Component Evaluation for Inspecting Transport
ation Infrastructure Systems. In Proceedings of the 2016 Annual IEEE Systems Conference (SysCon), Orlando, FL, US
A, 18–21 April 2016.

52. Pereira, F.C.; Pereira, C.E. Embedded Image Processing Systems for Automatic Recognition of Cracks Using UAVs. IF
AC-PapersOnLine 2015, 28, 16–21.

53. Watanabe, K.; Moritoki, N.; Nagai, I. Attitude Control of a Camera Mounted-Type Tethered Quadrotor for Infrastructure I
nspection. In Proceedings of the IECON 2017-43rd Annual Conference of the IEEE Industrial Electronics Society, Beijin
g, China, 29 October–1 November 2017; pp. 6252–6257.

54. Murtiyoso, A.; Koehl, M.; Grussenmeyer, P.; Freville, T. Acquisition and Processing Protocols for Uav Images: 3d Modeli
ng of Historical Buildings Using Photogrammetry. In Proceedings of the 26th International CIPA Symposium 2017, Otta
wa, ON, Canada, 28 August–1 September 2017; Volume 4, pp. 163–170.

55. Saifizi, M.; Azani Mustafa, W.; Syahirah Mohammad Radzi, N.; Aminudin Jamlos, M.; Zulkarnain Syed Idrus, S. UAV Ba
sed Image Acquisition Data for 3D Model Application. IOP Conf. Ser. Mater. Sci. Eng. 2020, 917, 012074.

56. Khaloo, A.; Lattanzi, D. Integrating 3D Computer Vision and Robotic Infrastructure Inspection. In Proceedings of the 11t
h International Workshop on Structural Health Monitoring (IWSHM), Stanford, CA, USA, 12–14 September 2017; Volu
me 2, pp. 3202–3209.

57. Kersten, J.; Rodehorst, V.; Hallermann, N.; Debus, P.; Morgenthal, G. Potentials of Autonomous UAS and Automated I
mage Analysis for Structural Health Monitoring. In Proceedings of the IABSE Symposium 2018, Nantes, France, 19–21
September 2018; pp. S24–S119.

58. Kakillioglu, B.; Velipasalar, S.; Rakha, T. Autonomous Heat Leakage Detection from Unmanned Aerial Vehicle-Mounted
Thermal Cameras. In Proceedings of the 12th International Conference, Jeju, Republic of Korea, 25–28 October 2018.

59. Gomez, J.; Tascon, A. A Protocol for Using Unmanned Aerial Vehicles to Inspect Agro-Industrial Buildings. Inf. Constr. 2
021, 73, e421.

60. Dergachov, K.; Kulik, A. Impact-Resistant Flying Platform for Use in the Urban Construction Monitoring. In Methods and
Applications of Geospatial Technology in Sustainable Urbanism; IGI Global: Pennsylvania, PA, USA, 2021; pp. 520–55
1.

61. Kucuksubasi, F.; Sorguc, A.G. Transfer Learning-Based Crack Detection by Autonomous UAVs. In Proceedings of the 3
5th International Symposium on Automation and Robotics in Construction (ISARC), Berlin, Germany, 20–25 July 2018;
Teizer, J., Ed.; International Association for Automation and Robotics in Construction (IAARC): Taipei, Taiwan, 2018; pp.
593–600.

62. Bruggemann, T. Automated Feature-Driven Flight Planning for Airborne Inspection of Large Linear Infrastructure Asset
s. IEEE Trans. Autom. Sci. Eng. 2022, 19, 804–817.

63. Nakata, K.; Umemoto, K.; Kaneko, K.; Ryusuke, F. Development and Operation Of Wire Movement Type Bridge Inspec
tion Robot System ARANEUS. In Proceedings of the International Symposium on Applied Science, Bali, Indonesia, 24–
25 October 2019; Kalpa Publications in Engineering: Manchester, UK, 2020; pp. 168–174.

64. Lyu, J.; Zhao, T.; Xu, G. Research on UAV’s Fixed-Point Cruise Method Aiming at the Appearance Defects of Buildings.
In Proceedings of the ACM International Conference Proceeding Series; Association for Computing Machinery: New Yo
rk, NY, USA, 2021; pp. 783–787.

65. Vazquez-Nicolas, J.M.; Zamora, E.; Gonzalez-Hernandez, I.; Lozano, R.; Sossa, H. Towards Automatic Inspection: Cra
ck Recognition Based on Quadrotor UAV-Taken Images. In Proceedings of the 2018 International Conference on Unma



nned Aircraft Systems (ICUAS), Dallas, TX, USA, 12–15 June 2018; IEEE: Piscataway, NJ, USA, 2018; pp. 654–659.

66. Choi, Y.; Payan, A.P.; Briceno, S.I.; Mavris, D.N. A Framework for Unmanned Aerial Systems Selection and Trajectory
Generation for Imaging Service Missions. In Proceedings of the 2018 Aviation Technology, Integration, and Operations
Conference, Atlanta, GA, USA, 25–29 June 2018.

67. Zhenga, Z.J.; Pana, M.; Pan, W. Virtual Prototyping-Based Path Planning of Unmanned Aerial Vehicles for Building Ext
erior Inspection. In Proceedings of the 2020 37th ISARC, Kitakyushu, Japan, 27–28 October 2020; pp. 16–23.

68. Debus, P.; Rodehorst, V. Multi-Scale Flight Path Planning for UAS Building Inspection; Lecture Notes in Civil Engineeri
ng; Springer: Berlin, Germany, 2021; Volume 98, p. 1085.

69. Freimuth, H.; Müller, J.; König, M. Simulating and Executing UAV-Assisted Inspections on Construction Sites. In Procee
dings of the 2017 34rd ISARC, Taipei, Taiwan, 28 June–1 July 2017; pp. 647–654.

70. Sa, I.; Corke, P. Vertical Infrastructure Inspection Using a Quadcopter and Shared Autonomy Control; Springer Tracts in
Advanced Robotics; Springer: Berlin, Germany, 2014; Volume 92, p. 232.

71. Hamledari, H.; Davari, S.; Sajedi, S.O.; Zangeneh, P.; McCabe, B.; Fischer, M. UAV Mission Planning Using Swarm Int
elligence and 4D BIMs in Support of Vision-Based Construction Progress Monitoring and as-Built Modeling. In Proceedi
ngs of the Construction Research Congress 2018: Construction Information Technology-Selected Papers from the Con
struction Research Congress 2018, New Orleans, LA, USA, 2–4 April 2018; American Society of Civil Engineers (ASC
E): Reston, VA, USA, 2018; pp. 43–53.

72. Kayhani, N.; Zhao, W.; McCabe, B.; Schoellig, A.P. Tag-Based Visual-Inertial Localization of Unmanned Aerial Vehicles
in Indoor Construction Environments Using an on-Manifold Extended Kalman Filter. Autom. Constr. 2022, 135, 104112.

73. Vanegas, F.; Gaston, K.; Roberts, J.; Gonzalez, F. A Framework for UAV Navigation and Exploration in GPS-Denied En
vironments. In Proceedings of the 2019 IEEE Aerospace Conference, Big Sky, MT, USA, 2–9 March 2019.

74. Usenko, V.; von Stumberg, L.; Stückler, J.; Cremers, D. TUM Flyers: Vision—Based MAV Navigation for Systematic Ins
pection of Structures; Springer Tracts in Advanced Robotics; Springer: Berlin, Germany, 2020; Volume 136, p. 209.

75. Rea, P.; Ottaviano, E.; Castillo-Garcia, F.; Gonzalez-Rodriguez, A. Inspection Robotic System: Design and Simulation f
or Indoor and Outdoor Surveys; Machado, J., Soares, F., Trojanowska, J., Yildirim, S., Eds.; Springer: Berlin, Germany,
2022; pp. 313–321.

76. Gibb, S.; La, H.M.; Le, T.; Nguyen, L.; Schmid, R.; Pham, H. Nondestructive Evaluation Sensor Fusion with Autonomou
s Robotic System for Civil Infrastructure Inspection. J. Field Robot. 2018, 35, 988–1004.

77. Nitta, Y.; Nishitani, A.; Iwasaki, A.; Watakabe, M.; Inai, S.; Ohdomari, I. Damage Assessment Methodology for Nonstruct
ural Components with Inspection Robot. Key Eng. Mater. 2013, 558, 297–304.

78. Watanabe, A.; Even, J.; Morales, L.Y.; Ishi, C. Robot-Assisted Acoustic Inspection of Infrastructures-Cooperative Hamm
er Sounding Inspection. In Proceedings of the 2015 IEEE/RSJ International Conference on Intelligent Robots and Syst
ems (IROS), Hamburg, Germany, 28 September–2 October 2015; pp. 5942–5947.

79. Phillips, S.; Narasimhan, S. Automating Data Collection for Robotic Bridge Inspections. J. Bridge Eng. 2019, 24, 04019
075.

80. Asadi, K.; Jain, R.; Qin, Z.; Sun, M.; Noghabaei, M.; Cole, J.; Han, K.; Lobaton, E. Vision-Based Obstacle Removal Sys
tem for Autonomous Ground Vehicles Using a Robotic Arm. In Proceedings of the ASCE International Conference on C
omputing in Civil Engineering 2019, Atlanta, GA, USA, 17–19 June 2019; pp. 328–335.

81. Kim, P.; Chen, J.; Kim, J.; Cho, Y.K. SLAM-Driven Intelligent Autonomous Mobile Robot Navigation for Construction Ap
plications. In Proceedings of the Advanced Computing Strategies for Engineering, Lausanne, Switzerland, 10–13 June
2018; Smith, I.F.C., Domer, B., Eds.; Springer International Publishing: Cham, Switzerland, 2018; pp. 254–269.

82. Davidson, N.C.; Chase, S.B. Initial Testing of Advanced Ground-Penetrating Radar Technology for the Inspection of Bri
dge Decks: The HERMES and PERES Bridge Inspectors. In Proceedings of the SPIE Proceedings, Newport Beach, C
A, USA, 1 February 1999; Volume 3587, pp. 180–185.

83. Dobmann, G.; Kurz, J.H.; Taffe, A.; Streicher, D. Development of Automated Non-Destructive Evaluation (NDE) System
s for Reinforced Concrete Structures and Other Applications. In Non-Destructive Evaluation of Reinforced Concrete Str
uctures; Maierhofer, C., Reinhardt, H.-W., Dobmann, G., Eds.; Woodhead Publishing: Sawston, UK, 2010; Volume 2, p
p. 30–62. ISBN 978-1-84569-950-5.

84. Gibb, S.; Le, T.; La, H.M.; Schmid, R.; Berendsen, T. A Multi-Functional Inspection Robot for Civil Infrastructure Evaluati
on and Maintenance. In Proceedings of the 2017 IEEE/RSJ International Conference on Intelligent Robots and System
s (IROS), Vancouver, BC, Canada, 24–28 September 2017; pp. 2672–2677.



85. Massaro, A.; Savino, N.; Selicato, S.; Panarese, A.; Galiano, A.; Dipierro, G. Thermal IR and GPR UAV and Vehicle Em
bedded Sensor Non-Invasive Systems for Road and Bridge Inspections. In Proceedings of the 2021 IEEE International
Workshop on Metrology for Industry 4.0 & IoT (MetroInd4.0&IoT), Rome, Italy, 7–9 June 2021; pp. 248–253.

86. Kanellakis, C.; Fresk, E.; Mansouri, S.; Kominiak, D.; Nikolakopoulos, G. Towards Visual Inspection of Wind Turbines: A
Case of Visual Data Acquisition Using Autonomous Aerial Robots. IEEE Access 2020, 8, 181650–181661.

87. McCrea, A.; Chamberlain, D.A. Towards the Development of a Bridge Inspecting Automated Device. In Proceedings of t
he Automation and Robotics in Construction X, Houston, TX, USA, 26 May 1993; Watson, G.H., Tuccker, R.L., Walters,
J.K., Eds.; International Association for Automation and Robotics in Construction (IAARC): Chennai, India, 1993; pp. 26
9–276.

88. Mu, H.; Li, Y.; Chen, D.; Li, J.; Wang, M. Design of Tank Inspection Robot Navigation System Based on Virtual Reality. I
n Proceedings of the 2021 IEEE International Conference on Robotics and Biomimetics (ROBIO), Sanya, China, 27–31
December 2021; pp. 1773–1778.

89. Moselhi, O.; Shehab-Eldeen, T. Automated Detection of Surface Defects in Water and Sewer Pipes. Autom. Constr. 199
9, 8, 581–588.

90. Liu, K.P.; Luk, B.L.; Tong, F.; Chan, Y.T. Application of Service Robots for Building NDT Inspection Tasks. Ind. Robot 20
11, 38, 58–65.

91. Barry, N.; Fisher, E.; Vaughan, J. Modeling and Control of a Cable-Suspended Robot for Inspection of Vertical Structure
s. In Proceedings of the Journal of Physics: Conference Series; IOP Publishing: Bristol, UK, 2016; Volume 744, p. 1207
1.

92. Aracil, R.; Saltarén, R.J.; Almonacid, M.; Azorín, J.M.; Sabater, J.M. Climbing Parallel Robots Morphologies. IFAC Proc.
Volume 2000, 33, 471–476.

93. Esser, B.; Huston, D.R.; Esser, B.; Huston, D.R. Versatile Robotic Platform for Structural Health Monitoring and Surveill
ance. Smart Struct. Syst. 2005, 1, 325.

94. Schempf, H. Neptune: Above-Ground Storage Tank Inspection Robot System. In Proceedings of the 1994 IEEE Interna
tional Conference on Robotics and Automation, San Diego, CA, USA, 8–13 May 1994; IEEE: Piscataway, NJ, USA, 19
94; Volume 2, pp. 1403–1408.

95. Caccia, M.; Robino, R.; Bateman, W.; Eich, M.; Ortiz, A.; Drikos, L.; Todorova, A.; Gaviotis, I.; Spadoni, F.; Apostolopoul
ou, V. MINOAS a Marine INspection RObotic Assistant: System Requirements and Design. IFAC Proc. Vol. 2010, 43, 4
79–484.

96. Longo, D.; Muscato, G.; Sessa, S. Simulator for Locomotion Control of the Alicia3 Climbing Robot. In Climbing and Wal
king Robots; Tokhi, M.O., Virk, G.S., Hossain, M.A., Eds.; Springer: Berlin/Heidelberg, Germany, 2006; pp. 843–850.

97. Kouzehgar, M.; Krishnasamy Tamilselvam, Y.; Vega Heredia, M.; Rajesh Elara, M. Self-Reconfigurable Façade-Cleanin
g Robot Equipped with Deep-Learning-Based Crack Detection Based on Convolutional Neural Networks. Autom. Const
r. 2019, 108, 102959.

98. Hernando, M.; Brunete, A.; Gambao, E. ROMERIN: A Modular Climber Robot for Infrastructure Inspection. IFAC-Paper
2019, 52, 424–429.

99. Hou, S.; Dong, B.; Wang, H.; Wu, G. Inspection of Surface Defects on Stay Cables Using a Robot and Transfer Learnin
g. Autom. Constr. 2020, 119, 103382.

100. Kajiwara, H.; Hanajima, N.; Kurashige, K.; Fujihira, Y. Development of Hanger-Rope Inspection Robot for Suspension B
ridges. J. Robot. Mechatron. 2019, 31, 855–862.

101. Boreyko, A.A.; Moun, S.A.; Scherbatyuk, A.P. Precise UUV Positioning Based on Images Processing for Underwater C
onstruction Inspection | Pacific/Asia Offshore Mechanics Symposium | OnePetro. In Proceedings of the The Eighth ISO
PE Pacific/Asia Offshore Mechanics Symposium, Bangkok, Thailand, 10–14 November 2008; pp. 14–20.

102. Atyabi, A.; MahmoudZadeh, S.; Nefti-Meziani, S. Current Advancements on Autonomous Mission Planning and Manag
ement Systems: An AUV and UAV Perspective. Annu. Rev. Control 2018, 46, 196–215.

103. Shimono, S.; Toyama, S.; Nishizawa, U. Development of Underwater Inspection System for Dam Inspection: Results of
Field Tests. In Proceedings of the OCEANS 2016 MTS/IEEE Monterey, Monterey, CA, USA, 19–23 September 2016; p
p. 1–4.

104. Shojaei, A.; Moud, H.I.; Flood, I. Proof of Concept for the Use of Small Unmanned Surface Vehicle in Built Environment
Management. In Proceedings of the Construction Research Congress, New Orleans, LA, USA, 2–4 April 2018; pp. 116
–126.



105. Masago, H. Approaches towards Standardization of Performance Evaluation of Underwater Infrastructure Inspection R
obots: Establishment of Standard Procedures and Training Programs. In Proceedings of the 2021 IEEE International C
onference on Intelligence and Safety for Robotics (ISR), Tokoname, Japan, 4–6 March 2021; pp. 244–247.

106. Cymbal, M.; Tao, H.; Tao, J. Underwater Inspection with Remotely Controlled Robot and Image Based 3D Structure Re
construction Techniques. In Proceedings of the Transportation Research Board 95th Annual Meeting, Washington, DC,
USA, 10–14 January 2016; pp. 1–10.

107. Ma, Y.; Ye, R.; Zheng, R.; Geng, L.; Yang, Y. A Highly Mobile Ducted Underwater Robot for Subsea Infrastructure Inspe
ction. In Proceedings of the 2016 IEEE International Conference on Cyber Technology in Automation, Control, and Intel
ligent Systems (CYBER), Chengdu, China, 19–22 June 2016; pp. 397–400.

108. Shojaei, A.; Moud, H.I.; Flood, I. Proof of Concept for the Use of Small Unmanned Surface Vehicle in Built Environment
Management. In Proceedings of the Construction Research Congress 2018: Construction Information Technology-Sele
cted Papers from the Construction Research Congress 2018, New Orleans, LA, USA, 2–4 April 2018; American Society
of Civil Engineers (ASCE): Reston, VA, USA, 2018; pp. 116–126.

109. Shojaei, A.; Izadi Moud, H.; Razkenari, M.; Flood, I.; Hakim, H. Feasibility Study of Small Unmanned Surface Vehicle U
se in Built Environment Assessment. In Proceedings of the Institute of Industrial and Systems Engineers (IISE) Annual
Conference, Orlando, FL, USA, 19 May 2018.

110. Paap, K.L.; Christaller, T.; Kirchner, F. A Robot Snake to Inspect Broken Buildings. In Proceedings of the 2000 IEEE/RS
J International Conference on Intelligent Robots and Systems (IROS 2000) (Cat. No.00CH37113), Takamatsu, Japan,
31 October–5 November 2000; Volume 3, pp. 2079–2082.

111. Lakshmanan, A.; Elara, M.; Ramalingam, B.; Le, A.; Veerajagadeshwar, P.; Tiwari, K.; Ilyas, M. Complete Coverage Pat
h Planning Using Reinforcement Learning for Tetromino Based Cleaning and Maintenance Robot. Autom. Constr. 2020,
112, 103078.

112. Lin, J.-L.; Hwang, K.-S.; Jiang, W.-C.; Chen, Y.-J. Gait Balance and Acceleration of a Biped Robot Based on Q-Learnin
g. IEEE Access 2016, 4, 2439–2449.

113. Afsari, K.; Halder, S.; King, R.; Thabet, W.; Serdakowski, J.; Devito, S.; Mahnaz, E.; Lopez, J. Identification of Indicator
s for Effectiveness Evaluation of Four-Legged Robots in Automated Construction Progress Monitoring. In Proceedings
of the Construction Research Congress, Arlington, VA, USA, 9–12 March 2022; American Society of Civil Engineers: Ar
lington, TX, USA, 2022; pp. 610–620.

114. Faigl, J.; Čížek, P. Adaptive Locomotion Control of Hexapod Walking Robot for Traversing Rough Terrains with Position
Feedback Only. Robot. Auton. Syst. 2019, 116, 136–147.

115. Afsari, K.; Halder, S.; Ensafi, M.; DeVito, S.; Serdakowski, J. Fundamentals and Prospects of Four-Legged Robot Appli
cation in Construction Progress Monitoring. In Proceedings of the ASC International Proceedings of the Annual Confere
nce, Virtual, CA, USA, 5–8 April 2021; pp. 271–278.

116. Halder, S.; Afsari, K.; Serdakowski, J.; DeVito, S. A Methodology for BIM-Enabled Automated Reality Capture in Constr
uction Inspection with Quadruped Robots. In Proceedings of the International Symposium on Automation and Robotics
in Construction, Bogotá, Colombia, 13–15 July 2021; pp. 17–24.

117. Shin, J.-U.; Kim, D.; Jung, S.; Myung, H. Dynamics Analysis and Controller Design of a Quadrotor-Based Wall-Climbing
Robot for Structural Health Monitoring. In Structural Health Monitoring 2015; Stanford University: Stanford, CA, USA, 2
015.

118. Shin, J.-U.; Kim, D.; Kim, J.-H.; Jeon, H.; Myung, H. Quadrotor-Based Wall-Climbing Robot for Structural Health Monito
ring. Struct. Health Monit. 2013, 2, 1889–1894.

119. Kriengkomol, P.; Kamiyama, K.; Kojima, M.; Horade, M.; Mae, Y.; Arai, T. Hammering Sound Analysis for Infrastructure I
nspection by Leg Robot. In Proceedings of the 2015 IEEE International Conference on Robotics and Biomimetics (RO
BIO), Zhuhai, China, 6–9 December 2015; pp. 887–892.

120. Prieto, S.A.; Giakoumidis, N.; García de Soto, B. AutoCIS: An Automated Construction Inspection System for Quality In
spection of Buildings. In Proceedings of the 2021 38th ISARC, Dubai, United Arab Emirates, 2–4 November 2021.

121. Kim, P.; Price, L.C.; Park, J.; Cho, Y.K. UAV-UGV Cooperative 3D Environmental Mapping. In Proceedings of the ASCE
International Conference on Computing in Civil Engineering 2019, Atlanta, GA, USA, 17–19 June 2019; ASCE: Atlanta,
GA, USA, 2019; pp. 384–392.

122. Kim, P.; Park, J.; Cho, Y. As-Is Geometric Data Collection and 3D Visualization through the Collaboration between UAV
and UGV. In Proceedings of the 36th International Symposium on Automation and Robotics in Construction (ISARC), B
anff, AB, Canada, 21–24 May 2019; Al-Hussein, M., Ed.; International Association for Automation and Robotics in Cons
truction (IAARC): Banff, AB, Canada, 2019; pp. 544–551.



123. Khaloo, A.; Lattanzi, D.; Jachimowicz, A.; Devaney, C. Utilizing UAV and 3D Computer Vision for Visual Inspection of a
Large Gravity Dam. Front. Built Environ. 2018, 4, 31.

124. Mansouri, S.S.; Kanellakis, C.; Fresk, E.; Kominiak, D.; Nikolakopoulos, G. Cooperative UAVs as a Tool for Aerial Inspe
ction of the Aging Infrastructure. In Proceedings of the Field and Service Robotics; Hutter, M., Siegwart, R., Eds.; Sprin
ger International Publishing: Cham, Switzerland, 2018; pp. 177–189.

125. Mansouri, S.S.; Kanellakis, C.; Fresk, E.; Kominiak, D.; Nikolakopoulos, G. Cooperative Coverage Path Planning for Vi
sual Inspection. Control Eng. Pract. 2018, 74, 118–131.

126. Ueda, T.; Hirai, H.; Fuchigami, K.; Yuki, R.; Jonghyun, A.; Yasukawa, S.; Nishida, Y.; Ishii, K.; Sonoda, T.; Higashi, K.; et
al. Inspection System for Underwater Structure of Bridge Pier. Proc. Int. Conf. Artif. Life Robot. 2019, 24, 521–524.

127. Yang, Y.; Hirose, S.; Debenest, P.; Guarnieri, M.; Izumi, N.; Suzumori, K. Development of a Stable Localized Visual Ins
pection System for Underwater Structures. Adv. Robot. 2016, 30, 1415–1429.

Retrieved from https://encyclopedia.pub/entry/history/show/97873


